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Abstract   

Theory-based maximum likelihood approaches for treating missing data such as EM
algorithm and FIML have been known in the technical literature for some time, and
have recently begun to appear in statistical packages. But the extent to which the
theoretical benefits associated with these methods may be realized in practice is unclear.
In this paper, we examine the interaction effects of the missing data imputation methods
(EM algorithm, full information maximum likelihood and listwise deletion) with
maximum likelihood estimation in structural equation modelling. Other covariates
employed in our experimental design based on Monte Carlo simulation are normality of
variables, sample size, and missing data rate. Outcome measures used are bias, variance,
MSE of parameters estimates, and model goodness-of-fit.
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